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DYNAMICS OF SOCIAL MEDIA
METRICS AND FASHION SUB-
CULTURE AMONG YOUNG SOUTH
AFRICAN TIKTOK USERS

ABSTRACT

The global effect of the social media platform TikTok
has resulted in an increase in literature pertaining to the
platform. Despite wide acknowledgment in social media,
TikTok metrics and how these formulate fashion sub-
cultures remains underexplored. This study explored TikTok
metrics that resultantly formulate fashion sub-cultures
amongst Generation Z (Gen Z) TikTok users. The proposed
conceptual framework was developed to assist marketing
communication managers and content strategists to explore
fashion sub-culture interest via various TikTok metrics. The
study followed a qualitative approach. Data was collected
through structured interviews, using convenience sampling
among five Gen Z participants. Thematic analysis was
adopted and findings revealed that engagement metrics
indicate strong potential in enabling fashion sub-culture
among TikTok users. Furthermore, metrics enabled Gen
Z users to discover fashion sub-culture content through
hashtags, engagement in social exchanges through likes
and comments, store digital fashion inspiration through
saves and spread information through shares.

Keywords: marketingcommunication, brand communication,
Generation Z, social media, social media metrics, fashion
sub-culture, TikTok

INTRODUCTION

Expanding technological advancements in the current
milieu have revolutionised both marketing and fashion
culture. Consequently, new findings, theories and methods
surrounding the respective fields contribute to and renew
the existing mass of scholarly literature. The evolution of
the digital realm, specifically social media, has altered
and predisposed marketing and fashion cultural theory
(Arriagaga 2021: 233; Sklar et al. 2021). In addition to this,
the inherent nature of digital advancements is that it is
ever evolving. The ever-evolving nature of the technology
landscape, particularly that of social media metrics, was the
main motivation for conducting this research.
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Dynamics of social media metrics and fashion subculture

Cunningham and Craig (2021) state that social media is an internet-based technology
that enables its users to interact with one another through the ability to connect
and share information on a global scale. Pencarelli and Mele (2020) define social
media metrics as a form of data collection for social media platforms that allow for
the measurement of the performance of the platform. According to Conner (2022), a
sub-culture is a subsection of people within a larger cultural group who can be defined
by a collective identity. To better understand sub-culture in a social media context is
important for fashion industry practitioners and marketing communication managers to
make informed decisions. Previous studies in the same subject area were conducted
in other regions, besides that in which this study is centred, and due to the cultural
differences across regions therefore required the researchers to undertake this study.

Metrics have become an important concept in the fashion industry as these enable
important decision-making purposes for fashion brands. This was confirmed by
Beheshti-Kashi et al. (2018), Klug et al. (2021), as well as Poecze et al. (2018).
Analysing and interpreting virtual sub-cultures via metrics has become synonymous
with fashion trend analysis. Whilst Sklar et al. (2021) assert that sub-cultures stem
from common interests, O’Connor et al. (2017) attest to the fact that social media
provides the perfect platform to establish fashion sub-cultures. Moreover, Sayed
(2022) emphasised that grouping like-minded people together based on shared
interests subsequently encourages the emergence of a sub-culture. Prior studies from
Maphathe (2021), Dragos et al. (2020), and Archary and Coetzee (2020) established
that metrics obtained from social media platforms are a beneficial tool for subcultural
formation, in general.

Kemp (2022a) determined that TikTok’s success in marketing avenues has been a
helpful source of information amongst users. Furthermore, prior literature framed
TikTok’s user-generated, metric data collection and distribution methods, whilst
confirming TikTok users’ acknowledgement and understanding of metric data
collection (Klug et al. 2021; Costas et al. 2020). Although these studies provide
sufficient background as to why it would be beneficial to explore TikTok’s metrics and
distribution methods, especially amongst younger generations, it does not enable the
research questions or objectives to be addressed in this study. This study’s primary
research reaffirmed both TikTok’s success amongst Gen Z and users’ knowledge of
certain distribution methods that are applied through metrics in a developing country
context. This research refined these concepts and specified that South African Gen Z
TikTok users purposefully apply metrics to curate a more satisfactory “for you page”
and utilised TikTok as a valuable source of fashion related information.

Through evidence obtained from Costas et al. (2020), Etter and Ablu (2020), and
Beer (2017), it can be stated that numerous factors beyond a shared common
interest influence the creation of modern-day sub-cultures. Though past studies have
considered the value that metrics play in the formulation of sub-cultures, most have
concentrated on Instagram and Facebook.
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THEORETICAL GROUNDING
Understanding fashion sub-culture and social media

Conner (2022) proposes that fashion sub-cultures cannot be defined by demographics
but rather by psychographics, as culture is born through the deviations of interest
within the structure of society. Vanska (2018), in turn, states that fashion sub-cultures
are rooted in common interests, principles and values that veer from the “norms” of
society. The concept of fashion sub-cultures is relevant to this study as it is understood
by Winge (2018) as the grouping and communication avenues provided by social media
platforms that can assist in the emergence, circulation, or expansion of fashion sub-
cultures. Etter and Ablu (2020) state that social networking enables users to translate
a private connection into open communication; thus, providing the perfect breeding
ground for sub-cultures to congregate without boundaries. According to O’Connor et
al. (2017), previously, sub-cultures were limited by time and space. However, social
media platforms have enabled sub-cultures to transcend beyond such limitations
and ensured that sub-cultures are not confined to a particular space or time. These
studies attest to the fact that popular social media platforms provide a digital space
to assist in the genesis, distribution, or growth of fashion sub-cultures (Winge 2018;
O’Connor et al. 2017). Sayed (2022) confirms this notion by stating that 21s-century
technology advancements in social media networking have promoted the distribution
and expansion of Japanese culture, for example. Etter and Ablu (2020:80) theorise
that this is due to users adopting social media platforms as centres for community
creation, the development of social relationships, and the expression of interest. Thus
it can be argued that developments in technology and digital media have advanced
fashion sub-culture evolution.

Conner (2022) suggests that there is a direct correlation between sub-culture and
youth as younger generations are far more likely to participate in sub-cultural fashion
than older generations. This ideology emphasises fashion sub-culture’s ability to have
widespread reach on TikTok as the platform predominately hosts younger users.
Based on a study conducted by Park et al. (2022), 67% of TikTok users are part of Gen
Z. Green et al. (2022) and Richards (2022: 4) confirm that, due to Gen Z’s perceived
short attention span, the visual aid made possible by digital media, specifically TikTok’s
short-form video, has made it easier for the users to engage with content. As a result,
it is proposed that TikTok’s format enables sub-fashion cultural social exchange and
information distribution through engagement tools, as well as provides gratification
avenues through metrics in a way that is appealing to Gen Z.

Prior literature on metrics and fashion sub-culture

Etter and Ablu (2020) write that user-generated metrics are collected by TikTok as
data and converted through a cultural algorithm altered by the platform. Reynolds and
Kinnaird-Heether (2019) postulate that social media algorithms group homogenous
and heterogenous users based on past engagement and interest. The grouping
of users based on social media metrics are of interest in this research as the
inherent nature of exposing homogenous users to similar content could result in the
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culmination of fashion sub-cultures. Reynolds and Kinnaird-Heether (2019) point out
that the mechanisms put in place by social media platforms determine how and what
information is distributed through a population network. Beer (2017) states that those
social media algorithms are known as the “decision-making” parts of social media as
the social media code is what filters the metrics on social networking sites and decides
what users see as content by preference, thus operationalising network perspectives
(Diaz-Faes et al. 2019). Reynolds and Kinnaird-Heether (2019) suggest that this is
the beginning of a new “sub-cultured distribution mechanism” in society as people no
longer need to seek out like-minded groups or people. The TikTok algorithm does it
for them in the format of a “for you page” better known as “FYP”. Therefore, it can be
presumed that the TikTok algorithm essentially lays the foundation to stimulate the
distribution and expansion of online fashion sub-cultures.

Park et al. (2022) explain that hashtag metrics utilised by TikTok enable a user to
search for specific content if the metrics and algorithm do not curate a “for you page”
that is satisfactory. When a TikTok user is not pleased with the curated fashion content
supplied by the algorithm, a user may seek more satisfying sub-culture content through
other metrics, such as the hashtag metric. Geyser (2022) states that as of 2022,
fashion is ranked 7% in the most popular categories on TikTok with 27 billion views
within the videos posted under fashion-related content. According to Veletsianos and
Kimmons (2016), the hashtag metric was found to be a powerful tool to connect users
to content on platforms. Resultantly, niche fashion sub-cultures can be explored and
discovered through the TikTok hashtag, while users seek gratification. Furthermore,
Veletsianos and Kimmons (2016) are of the view that metrics such as followers,
likes and other engagement tools can be useful metrics of success for businesses in
general. Such findings suggest that the volume of engagement proves to be enticing
or authoritative. This article argues that TikTok metrics aid in the distribution and
circulation of information regarding the fashion sub-culture among Gen Z and further
formulates the growth and sustainability of the fashion sub-culture. Thus, it can be
assumed that TikTok hashtag metrics provide important form of metrics that can be
employed when conducting trend analyses in the fashion industry.

Diaz-Faes et al. (2019) postulate that social media metrics can be utilised as a unit of
measurement, suggesting that a fashion sub-culture’s influence or prevalence can be
translated into tangible measurable statistics in the form of metrics. TikTok metrics such
as likes, comments, shares, followers, saves and hashtags could provide direct instant
and important feedback to both creators and/or companies monitoring a fashion trend.
Thus, metrics could provide companies in the fashion industry with valuable insights.
Beheshti-Kashi et al. (2018) indicate that companies and brands within the fashion
industry could monetarily capitalise on online fashion trends by supplying trending
merchandise to their consumers. Therefore, conducting trend analyses based on
quantifiable and measurable interest made available by TikTok metrics could enable
companies within the fashion industry to track interest in products and supply different
fashion sub-cultures with personalised fashion merchandise. Beheshti-Kashi et al.’s
(2018) viewpoint enables this study to highlight the benefits and importance of tracking
online fashion sub-culture metrics on TikTok.
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THEORETICAL FRAMEWORK

The “Theories-in-Use” (TIU) approach, recommended by Zeithaml et al. (2020a),
incorporates and applies participants’ responses with academic ideologies and
theories as individuals’ everyday decisions and actions generally operate below
their conscious awareness. Zeithaml et al. (2020a) state that the TIU approach is
a characteristic methodology, which creates theories that are specific to marketing-
related issues — what has been called “organic” or “home-grown” theories. Hence,
the TIU approach empowers specialists to adopt applied systems instead of using
structures acquired from other disciplines, such as economics or psychology. This
study adopts the TIU approach by integrating the following theories: the uses and
gratification theory and the social exchange theory.

The uses and gratification theory suggests that media consumers “play an active
role in choosing and using the media which means media users can take an active
role in the communication process” (Ozelturkay & Yarimoglu 2017). The active role
explored within this research is that of user-generated metrics through TikTok. Leong
and Meng (2022) define the social exchange theory as a concept designed to analyse
the social behaviour between two parties through a cost-benefit analysis, in a social
media context. This can be explored through metrics and online consumer behaviour.
The person-to-person relationship analysed within this research is focused on fashion
content creators and Gen Z TikTok users’ relationship through the prevalent platform
metrics. Users actively seeking information regarding a specific fashion sub-culture
can be explained by Falgoust et al.’s (2022) social media uses and gratification
theory, while utilising social media platforms as a mode of information exchange and
socialisation can be explored through Giardino’s (2021) social exchange theory.

Falgoust et al. (2022: 1) applied the uses and gratification theory directly to TikTok;
this study follows suit by examining the relationship between users’ motivations and
gratifications and their TikTok usage and engagement. TikTok users have been found
to manipulate algorithms with their user-generated metrics with the motivation of
curating a content feed that satisfies their personal preferences; thus, fulfilling their
unique media consumption needs and achieving gratification (Kang & Lou 2022: 7).

Theoretically, through a cost-benefit analysis, the positive social exchange between
content creators and TikTok Gen Z users should result in the direct encouragement of
users’ opinions on fashion and related topics, which consequently makes them part
of a fashion sub-culture. Positive exchange can be measured through metrics such
as likes, positive comments, shares, saves, hashtags, incremental followers, profile
views, and video views. The engagement metrics in the form of likes, comments,
saves, follows, and shares on TikTok are user-generated (Pencarelli & Mele 2020),
suggesting that TikTok users can unknowingly apply action metrics “disguised”
as engagement tools to engage in a social exchange among themselves, content
creators, and other TikTok users. The proposed integrated theories shed light on
prior academic scholarship and findings that enabled the researchers to obtain the
applicable interview questions for this study.
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FIGURE 1: THE CONCEPTUAL MODEL

METHODS

This empirical study will collect primary data through semi-structured interviews.
Interpretivism is the most appropriate paradigm for this study as it includes the context
and environment in which the people of interest within the study reside (Markham
& Gammelby 2018). Therefore, Gen Z's idiosyncratic ideologies behind a TikTok
phenomenon are explored, identifying the potential impact on users’ experiences or
interpretations that formulate fashion sub-cultures. This study’s qualitative research
approach is exploratory — exploring TikTok’s metrics impact on Gen Z users in a
fashion sub-cultural context. The qualitative approach and exploratory design directly
correlate with the research aim as the identified “problem” requires comprehension
and interpretation (Tracy 2020).

The target population for this study required participants born within the Gen Z era,
who make use of TikTok, and are affiliated with a fashion sub-culture. According to
Richards (2022), the Gen Z age group consists of anyone within the age bracket of
eight to 24 years old. This study only considered a target population that included
participants who were above the age of 18 but not older than 24 years. Furthermore,
the participants were required to have frequented TikTok for over a year and consider
themselves as part of a fashion sub-culture. The online data collection methods
enabled accessibility; however, accessibility was limited to participants who were
available for the duration of the interview process and study as the source of the
accessible population (Skinner et al. 2020).
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A sample size of five Gen Z TikTok users who had used the social media platform for at
least a year and are part of a TikTok fashion sub-culture were selected. The contextual
reasoning for this requirement is that a year of use provides the user with enough
insight into fashion sub-culture trends and metric groupings. The study adopted the
convenience sampling technique as there was no readily available sample frame from
which the participants could be derived (Schreier 2018). To contextualise this choice
of sampling method: the expert opinions needed for this study were immediately
available to the authors; thus, the inclusion and exclusion criteria was chosen.

Zeithaml et al. (2020b) state that data analysis is the process of systematically
organising and summarising interview answers, transcripts and observation notes
in a manner that facilitates the understanding of the phenomenon in question.
Furthermore, a “flag and tag” system was utilised to highlight similar answers within
the participant interviews to find the common traits, occurrences, and characteristics
(George 2022). Thematic analysis was adopted as it identifies broad themes, topics,
ideas, and patterns through coding and close examination (Skinner et al. 2020).
The analysis method enabled the researchers to identify critical common themes
by transforming raw data into holistic, logical categories that enabled the reaserch
problem to be addressed.

FINDINGS

The main findings indicate the importance of engagement metrics, the reason for
engagement, discovery through hashtag metrics, content preservation, control,
personal attire influences, external influence, sense of belonging to a community, and
TikTok’s relatability and relevance towards fashion sub-culture as the key themes.

Firstly, the theme of “engagement metrics” within this study found that participants
utilise TikTok metrics (engagement tools) to engage in a direct or indirect form of
social exchange amongst themselves, other users, and content creators. Participant
4 explains that “some people tend to like your comments and even respond to it. So,
people are very active, and you can be seen on there”; while Participant 2 said, “There
are a lot of different options to engage. You can do it in a way that’s not so direct with
liking and commenting, but you can also watch some of the videos or share videos”.
Giardino’s (2021) study supports this study’s findings by emphasising that a social
exchange happens between content creators and users when engagement metrics are
utilised. Moreover, Winge (2018) asserts that social media platforms enable those who
participate in fashion sub-culture to engage in social behaviour and the distribution of
information by interacting with online fashion content. All five participants in this study
confirmed the viewpoint of Winge (2018) as true, as the participants acknowledged
their application of engagement metrics to socialise, communicate, and circulate
information regarding their fashion sub-culture as crucial.

Another key theme was “reason for engagement”. The findings of this study confirm
that TikTok users utilise different engagement tools for their own reasons. Participant
1 utilised engagement tools such as likes and saves to be able to refer back to the
fashion-related content at a later time and stated that they were “too shy to comment”.
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Participant 2, Participant 3 and Participant 5 utilised engagement tools such as
likes and saves to curate a “for you page”, which aligns with their fashion interests.
Participant 4 established the use of metrics that allow for interaction with humorous
content, more than anything else.

Among the main reasons for the utilisation of engagement tools stated by the
participants was to curate a personalised feed that caters to their preferences, as well
as “save” content to review later (content preservation). This suggests that participants
are aware of the proposed algorithm from TikTok and that they will purposefully engage
with content to be shown more homogenous content. In a similar study, Kang and
Lou (2022) found that users were aware of the functionality of the algorithm and had
found ways to use the system to their advantage via engagement. This behaviour is
explained by Falgoust et al. (2022) through the uses and gratification theory, as users
employ engagement tools on online platforms to open future personal gratification
avenues on social media.

Thirdly, the theme of “discovery through hashtags” was prevalent as Participant 1,
Participant 2 and Participant 5 reported discovering or exploring niche fashion sub-
cultures through their designated hashtags on TikTok. Participant 1 provided further
insight by explaining that “the other day | was looking at the #CleanGirl aesthetic
cause | was looking for like makeup ideas. I've also looked at #CottageCore”.
Participant 4 reported not utilising hashtags to explore sub-culture content by stating,
“No. It usually just comes up on my explore page”, although, later in the interview
Participant 4 acknowledged seeing repetitive hashtags within the caption or comment
section of the fashion content displayed on their “for you page”. A similar study by
Veletsianos and Kimmons (2016) found that many users utilised the hashtag metric to
share their work with those who were looking or searching for homogenous content
to reach a broader audience and obtain a larger following. In the study by Veletsianos
and Kimmons’s (2016), the designated #aera14 hashtag was explored and was found
to be a powerful tool to connect users to the relevant content on X, for example.
The emerging of hashtags in connecting users on other social media platforms and
scholarly ideologies present a viable argument for TikTok hashtag metrics aiding in the
emergence, distribution, and circulation of fashion sub-culture information.

The theme of “boost or popularisation of content preservation” speaks to how a
fashion sub-culture could expand through the engagement received from those who
interact with the content via metrics. Participant 5 stated that while they do not create
content, they “definitely participate in the sense that I'm constantly commenting, liking
and saving”. The prevalence of TikTok metrics such as likes, comments, shares and
saves in sub-fashion cultural movements were evident within this study. Thus, this
articles provides evidence that the emerging and expansion of fashion sub-culture
is achievable through metric data. This aligns with the findings of Sklar et al. (2021)
that developments in social media tracking activities have advanced fashion sub-
culture evolution. These findings link the fashion sub-culture’ genesis, distribution and
growth to social media digital advancements. Park et al. (2022) explored the TikTok
hashtag metric and Gen Z users’ “trickle-up” effect on the #thriftflip fashion sub-culture
phenomenon; thus, confirming this study’s finding of participation, engagement,
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discovery and exploration through a TikTok metric. While Park et al. (2022) confirms
sub-fashion cultural exploration via the utilisation of a TikTok metric, it does not speak to
other metrics of influence. Evidence from this study contributes to new understanding
and presents ideologies surrounding social media metrics’ effect on contemporary
fashion sub-culture more holistically and comprehensively.

The theme of “sub-culture participation” through user-generated metrics was also
raised. The findings of this research conclude that Gen Z participants partake in
sub-fashion culture on TikTok via the stimulation of metrics such as likes, hashtags,
comments, follows, shares and saves. All the participants confirmed fashion sub-cultural
participation through the utilisation of one of the aforementioned metrics. For example,
Participant 4 stated, “I do tend to engage with a lot of people in the comment section”
when questioned about their participation within fashion sub-culture. As previously
discussed, participants and findings in relevant academic discourse found that users
utilise metrics for their own reasons. Whilst this does not necessarily enumerate active
and physical participation within the fashion sub-culture, it does have a positive effect
on the sub-fashion cultural movement as these user-generated metrics boost and
popularise fashion content and trends within the sub-culture. Sayed (2022) confirms
that social media platforms provide a digital space in which sub-cultural engagement
is encouraged and they could assist in the emergence, circulation, or expansion of
sub-cultures; thus, translating online engagement and interaction into participation
within the users’ physical existence. O’Connor et al. (2017) reaffirm the same notion
as their findings confirm that popular social media platforms provide a digital space to
assist in the genesis, distribution and/or growth of fashion sub-cultures.

Another important theme is “control”. This theme relates to the perceived power or
management the participants had over the content they view on TikTok. Participant 2,
Participant 4 and Participant 5 agreed that TikTok gives them control over the content
they see, while Participant 1 and Participant 3 said that it was only “to a certain extent”.
Participant 2 stated, “Videos that I'm not interested in or doesn’t reflect my style, |
usually just say don’t share this content anymore, which is an option on TikTok”, while
Participant 5 said, “I think there’s an option where you say | don’t want to see this”. It is
assumed that Participant 5 and Participant 2 are both referring to the “not interested”
feature on TikTok. Thus, the participants acknowledged some form of control, but
agreed that it was only to a certain extent or minimal at best. Kang and Lou (2022)
found that TikTok users expressed feelings of ambivalence towards being guided by
machinery and would alternatively seek more user controllability. In a similar study,
Bhandari and Bimo (2022) found that TikTok’s algorithm “is an entity with which users
can engage and which they can influence and manipulate, so users have some degree
of control over what this algorithm shows them”. This offers an explanation behind the
participants’ feeling of a lack of control.

The theme “external influence on personal attire” is also significant. The majority of the
participants confirmed that the fashion sub-cultural content on TikTok had influenced
their style of dress or had inspired them. Winge (2018) supports this finding by
stating that “online sub-cultures, regardless of the level of emersion, live intertwined
existences in both the real and virtual worlds”. Participant 1 reported making use of
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metrics such as likes and saves to accumulate their fashion inspiration for later review
when dressing. Participant 3 responded by saying that their approach to fashion
sub-cultural participation was “following it on TikTok and then | would try some of the
styles that | see”. The participants were found to translate digitised fashion sub-culture
content and then reveal it within their physical existence.

The other theme that emerged in the same category was the “sense of belonging to
a community”. Participant 2, Participant 3, Participant 4 and Participant 5 confirmed
their acknowledgement of the number of likes, comments, saves, and shares to gauge
the popularity and favourable opinions of the sub-culture. Additionally, these metrics
were monitored by the participants, as the more engagement the content had, the
more it evoked a sense of community for them. Participant 5 further expressed that
the share engagement tool “feels like you’re creating a community on the platform”
through interaction via this metric. Kim (2020) writes that “those who were exposed
to high social media engagement metrics showed a higher willingness to read the full
news story” and “join the bandwagon”; thus, confirming high engagement influence on
community recognition, perceived reliability, and participation. Furthermore, Participant
2 and Participant 4 enjoyed making use of the comment metrics as it enabled a more
valuable social experience and fulfilled a stronger sense of community for them.
Participant 3 also indicated that the “share” engagement tool provided them with a
social avenue and connection to friends, whilst creating a community on the platform.
Thus, the social exchange theory is suggested to be relevant to the participants, fashion
content creators, and other users (Leong & Meng 2022). Participant 2, Participant 3,
Participant 4 and Participant 5 stated that the extent to which they followed a content
creator influenced their perception regarding the “authority” of the creator sharing the
information. These findings align with those of Veletsianos and Kimmons (2016) who
confirmed that metrics such as followers on social media could be a useful metric of
success, which enables the volume of engagement to be more enticing or authoritative,
which creates a mutual community among online platform users.

Another theme that arose from the data analysis was “TikTok relatability and
relevancy”. All the participants agreed that TikTok supplies relevant and relatable
content regarding their respective fashion sub-cultures. When questioned whether
TikTok provides content that is relevant to their respective sub-cultures, Participant
1 replied “Yes, they do”, Participant 2 stated “Yes, | think it does”, and Participant
5 confirmed “ Yes, it does”. This study argues that this outcome is due to the user-
generated metrics associated with the participants. The participants seeking social
fulfilment or gratification through engagement tools provide TikTok with the metric
data to distribute complementary or homogenous content to similar users (Poecze
et al. 2018). This was proven within this study to be a mutually beneficial exchange.
All five participants confirmed their enjoyment of viewing homogenous content, while
Participant 1, Participant 3 and Participant 5 agreed that the fashion-related content on
their “for you page” catered to their tastes. The mutually beneficial exchange transpires
as the users consume content that is uniquely satisfactory, whilst the expansion of
interest in the fashion sub-culture simultaneously occurs by essentially recruiting new
members, whether it be through supporting engagement or influencing the way the
users dress and style themselves. Costas et al. (2020), Beer (2017), and Poecze et
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al. (2018) support this finding by providing evidence that algorithms grouping both
homogenous and heterogenous users based on past engagement and interest results
in a satisfactory, relevant social media experience for content creators and media
consumers. Furthermore, Zhang and Lui (2021) state, “TikTok's recommendation
algorithm was selected as one of the Top 10 Global Breakthrough Technologies by
MIT Technology Review in 2021, mainly because the algorithm satisfies each user’s
specific and targeted interests which in this study fulfils users’ desire to be part of a
mutual fashion sub-culture”.

MANAGERIAL IMPLICATIONS

There are several social media metrics available to fashion industry managers and
marketing communication practitioners, though not all are applicable in formulating
fashion sub-cultures among South African Gen Z TikTok users. Based on the findings
of this study, fashion practitioners and marketing communication managers should
monitor fashion sub-culture interest via engagement metrics. The careful and close
observation of metrics that formulate fashion sub-culture could result in more refined
trend analysis procedures, as well as effective direct marketing communication
strategies. Fashion companies could benefit by pushing their focus towards obtaining
higher engagement on fashion-related content on TikTok. Moreso, fashion practitioners
should also consider that personalisation is key in enabling fashion adoption and
further provides a sense of belonging to a community who emerges with greater sub-
culture popularity.

Fashion industry managers and marketing communication practitioners should focus
on tracking TikTok engagement metrics, as the metrics enable Gen Z to engage in a
social exchange in one form or another, resultantly encouraging current and future
fashion sub-cultural information adoption with that of formation. Therefore, it could be
posited that engagement through metrics (likes, comments, hashtags, follows, saves
and shares) should be utilised by fashion industry managers so as to promote more
sub-cultural fashion content circulation and participation.

When metrics that affect users’ behaviour were analysed through the curated
framework of this article, it resulted in the conclusion of users employing metrics to
either engage socially or for future gratification. Fashion managers, content strategists
and marketing communicaiton practitioners could take advantage of this by ensuring
that the content posted on TikTok allows for users to share it among themselves, as
well as others, promoting the building of greater gratification and enabling a sustainable
formulation of fashion sub-cultures.

Moreover, fashion practitioners in managerial roles could review or predict product
performance on a quantifiable and statistical level via these engagement metrics.
Through the given statistics and a careful analysis, a manager could ensure that
the demand standard and expectation is met or whether the marketing strategy
has created sufficient demand for the supply. This is beneficial for fashion industry
managers as it provides a method to evaluate if a fashion product will perform at the
expected standard.
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LIMITATIONS AND RECOMMENDATIONS

The limitations include the use of the non-probability sampling method. The sample
of five participants is not a true representation of the total population. The context
of South Africa as the base for the research could also raise questions whether the
same results from this study could be inferred for other countries’ contexts. Social
media platforms that are emerging (for example Rumble) and metrics (watch time,
attention rate, etc.) were not researched in this study, meaning similar findings may
not be guaranteed.

The metric of engagement is important in formulating fashion sub-culture. Further
research should be conducted to unearth the reasoning behind social media metric
data influencing fashion sub-culture to increase the scope of perceptions and reasoning
identified within this study.

The proposed conceptual framework (see Figure 1) could be applied in future research
in different sociocultural environments to ascertain if similar or different outcomes
could be drawn from future studies. There could be other determining factors that
formulate fashion sub-culture, which were not discussed in this study. After such
research is conducted, a more holistic framework could be developed and utilised that
could aid future researchers in following more avenues in which advertisements and
trend forecasting could be done through readily available metrics. Future research
might unearth new or contradictory findings if implemented in another geographical
region or country, due to cultural or behavioural differences. Finally, the sample group
of the study focused on Gen Z and future studies could focus on different sample
groups to expand on the research area of interest.
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